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Application of Neural Networks to Multivariate Quality Control Charts
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This paper aims to evaluate on application of neural networks to the analysis of multivariate quality control.
The Multi-Layer Perceptron (MLP) is the simple neural network architecture to be commonly employed. It provides better
results in detecting shift for monitoring process mean that than traditional methods in many cases. The advanced neural
network architecture, Radial Basis Function (RBF) which is the advanced neural network technique, is then later chosen
to improve the performances of neural network monitoring schemes. RBF shows the best output in which the specific

case the simple neural network cannot outperform the original quality control chart.

Keywords : Multivariate quality control charts, Neural networks, Multi-layer perceptron (MLP), Radial basis function
(RBF), Average run length (ARL)
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