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Abstract

Prediction of learning achievement on any undergraduate educational course is a challenging task as well as
the Elementary Statistics course of Burapha University. This study is purposed to predict the learning achievement
of Elementary Statistics course. Model to predict learning achievement is considered from Burapha University
undergraduate students enrolling of Elementary Statistics course of an academic year 2553. It found that important
independent variables in determination of student success in this study are sex, faculty, learning achievement of
Calculus course, this enrollment of Elementary Statistics course is whether the first time, high school grade and
GPA. For dependent variable in prediction of learning achievement is determined by grouping students into three
categories: 1) failure group, students who got grade W and F 2) risk group, students who got grade D and 3) success
group, students who got grade A, B+, B, C+, C and D+. Modeling is applied both Discriminant Analysis, based on
statistical assumptions, and Neural Networks, does not need any statistical assumption. The result of this research
shows Neural Networks model is able to classify the group of learning achievement better than Discriminant Analysis
model as seeing from Neural Networks model correction proportion of confusion matrix from test data set is 76.9%

versus 67.1% for Discriminant Analysis model.

Keywords : Learning Achievement, Discriminant Analysis, Neural Networks, Multi-Layer Perceptron Neural Network

(MLP)
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